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Abstract

The paper proposes a unified risk-benefit analfrsisiework for investigating consumers’ adoption of
mobile payment technology. Based on perceivedthis&ry and risk-benefit analysis literature, the

proposed framework integrates three variables—peeck risk, perceived benefit and perceived

value, to predict consumers’ intention to use nelpidyment. All the proposed hypotheses are well
supported based on an empirical validation of 33@ful survey samples. The results show that
consumers consider both the beneficial and riskyeets of using mobile payment to evaluate the
overall desirability (perceived value) of adoptidecision. Further, perceived value, together with

perceived risk and benefit directly affects consshiatention to adopt the technology. Financiaki

is found to be the key resource of the risks aigisnobile payment. Both theoretical and practical

implications are discussed.

Keywords: Mobile payment, Perceived risk, Perceivade, Technology acceptance.



1 Introduction

Since the inception of online shopping in 1990serdests have invested much effort in advancing
online payment systems in order to guarantee arsemline transaction and to protect consumer
privacy, etc. Well-adopted online payment systeragsehleveraged the success of various online
business solutions, such as B2C and C2C commentimecauction and group shopping. In this

regard, if a widely-adopted online payment systenthe key to the success of Internet shopping,
consumers’ uptake of mobile payment system emeges important prerequisite for the coming era
of mobile commerce. Indeed, mobile payment has baeked as one of the most innovative mobile
Innovations by consumers today (Bouwman et al. 220Hence, it is imperative for researchers to
identify the key driving factors of mobile paymeadoption. In the present study, mobile payment is
defined as the payment services performed viasbeofimobile phones.

Mobile payment in China is now at the critical €agf takeoff. Many innovative mobile payment
approaches (i.e. SMS-based, WAP-based and RFIDd@agmoaches) have been proposed while the
transaction conducted through mobile payment iseiging considerably in recent years. According
to the estimate of iResearch (2011), the size afstictions conducted through mobile payment in
China has already received 530 million Yuan in 2608 2.03 billion Yuan in 2010. The figure is
expected to hit 10.27 billion Yuan in 2011, 31.2Bdn Yuan in 2012 and 132.46 billion Yuan in
2014 (iResearch, 2011). Apparently, the potentiahobile payment abounds. While the emergence
of online payment gives rise to a new approach isfadt shopping at any time of consumers’
convenience, mobile payment gives rise to not @nlybiquitous shopping solution, but also a new
possibility of using personal mobile phones to sitlite the function of cash and rechargeable cards
(i.e. public transport card).

Prior models of technology acceptance, i.e. thehiielogy Acceptance Model (TAM), generally
consider the beneficial sides of using a technqglogyo what extent using a technology would bring
advantages to actual users, i.e. usefulness. Howeve of them is found to take the possible risky
disadvantageous sides of technology use into atctarnnstance as a key theoretical component. In
this concern, perceived risk theory, as a key th@omarketing research, is applied to underpin our
proposed research framework. In daily life, it @yonon for people to consider both the favourable
and unfavourable outcomes of a possible future \betabefore they actually adopt the activity, in
particular when the activity requests particularse resources, i.e. money, energy or physicatteffo
Indeed, perceived risk has been one of the mostlyidvestigated factors across the literatureteela

to commerce-oriented IT innovations, i.e. onlinenkbag (Lee, 2009; Tan and Teo, 2000), e-
commerce (Pavlou, 2003; Teo and Liu, 2007), Inteshepping (Forsythe and Shi, 2003) and online
shopping (for a review see. Chang, et al., 200Bgr&fore, based on perceived risk theory and risk-
benefit analysis literature, the study proposensifiedl risk-benefit analysis framework for commerce
related information technologies and applied it itvestigate mobile payment adoption. A
guestionnaire survey is conducted to validate tlopgsed research framework. The remainder of the
paper is structured as follows: in the next sectretated literature and theoretical backgrounthef
present study will be discussed, followed by theeaech methodology section. The results will be
discussed and conclusion will be made in the seetidn the section 5, research limitations andrit
research directions will be discussed.



2 Literature review and theoretical background

2.1 The Models of IT acceptance and risk-benefit analysis

Current models of IT acceptance, such as TAM, acaded on how the advantages of using a new IT
innovation would help to motivate users to adoptitinovation. For instance, if a technology caresav
users’ mental and physical efforts to use and ptertieeir job performance, the technology would be
more likely to be adopted (Davis, 1989). In staisstthese ‘plus’ effects of using a technologyveho
up as a positive motivators of the technology atzepe. However, using a new technology does not
always bring about benefits alone; for instancegnvhdopting a new technology to replace the old
solution, the consequence is always associatedrious uncertainties and therefore the decision of
new technology adoption becomes risky (c.f. MitthE999). Hence, a comprehensive consideration
of both the beneficial and risky sides of adoptangew IT innovation would contribute to a more
complete understanding on IT adoption.

Considering both benefits received and sacrifigesrgto evaluate the over desirability of particula
future action is a key theme of decision scienam. iRstance, theories, such as expectancy utility
theory and prospect theory (see. Kahneman and Kywel®79), have been proposed and widely
adopted to support the decision-making processafagers, project leaders in particular in finance
and economics contexts (c.f. Conchar et al., 2004is regard, sacrifices given has been domipant
measured through risk, as an individual's decisionaction often produces social and economic
consequences that cannot be estimated with cgri@iet see. Zinkhan and Karandde, 1991; Campbell
and Brown, 2005; Rashid and Hayes, 2011). Simitatemces can be found in marketing research on
individual consumer behaviour alike (i.e. Dardigl @tremel, 1981; Wood and Scheer, 1996). For
instance, Dardis and Stremel (1981, p. 554) applisk-benefit analysis to study consumers’
acceptable risk and measured risk assessment #s tho probabilities of various outcomes and the
consequences of such outcomes expressed in defims and generated a risk-benefit ratio to
evaluate the desirability of particular productsretailing. Concerning new technologies in food
industry, Bruhn (2007) argued that the acceptanc@ ¢echnology depends on the consumer's
perception of benefits and risks.

Different from prior works which evaluate risk froam objective manner, recent marketing research
refer to risk from a subjective perspective, suslperceived risk theory. This theory has been widel
applied in the context of information systems reclealike (i.e. Lee. 2009; Featherman and Pavlou,
2003). In the present study, it is proposed thetgieed risk and perceived benefit, like two sidéa
coin, have to be both considered in order to obtaimore complete view of consumers’ decision
making.

2.2 Perceived risk theory

Individuals face risk when a particular decisionagtion brings about social and economic outcomes
associated with uncertainty (Zinkhan and Karand@8,1); as a result, research on risk abounds and is
under such disciplines as economics, psychologyisie sciences, management, risk and insurance,
public policy, and finance (Conchar et al., 20@@rious attentions on consumers’ perceived risk in
marketing research was aroused after the work oeB#&1960), who first proposed that consumer
behaviour could be viewed as an instance of rikln¢a Thereafter, perceived risk theory has been
widely adopted by scholars in marketing researcimtierpret consumer behaviour (for a review see.
Ross, 1975). According to Mitchell (1999), the plapily of perceived risk theory attributes to the
facts that (i) the theory has intuitive appeal, ehhfacilitate marketers seeing the world through
consumers’ eyes; (ii) the theory can almost be emsally applied and is highly versatile; (iii) the



theory gains advantages as consumers are morerofitvated to avoid mistakes than to maximize
utility in purchasing; (iv) the theory facilitatesarketing resource allocation decisions. The theory
chiefly concerns subjective (perceive) risk ottt real-world (objective) risk, which makes itfeif
from prior risk-related works in economics and fina (see. i.e. Bauer, 1960; Ross, 1975; Mitchell,
1999). Most of scholars refer to consumers’ peextisisk as a kind of a multi-dimensional construct
(i.e. Lee. 2009; Cunningham, 1967; Featherman awbR, 2003). For instance, Kaplan et al. (1974)
indicated that the components of perceived riskuhe physical, psychological, social, financial,
performance risk. Roselius (1971) suggested thagwer risk includes four categories of loss, which
are time, hazard, ego and money loss. Lee (200@)iigated five types of risk in studying Internet
banking adoption, including performance, sociahetj financial and security risk. Featherman and
pavlou (2003) adopted performance, financial, tipschological, social, privacy and overall risk as
the key facets of perceived risk to predict theemdses adoption. Based on the perceived risk theor
many studies have been conducted to investigatenesoe-related IT innovations adoption, as noted
already. Following this stream of thought, our eesh framework, grounded on perceived risk theory,
also adopts perceived risk as a key component. €nimg) mobile payment service, the perceived risk
is defined as the extent of which an individual®jectively belief about the potential losses cduse
by uncertainties of using mobile payment technoldggsed on the above discussion, the following
hypothesis is proposed:

H1: Perceived risk negatively relates to intentiomse.

Consistent with prior studies (i.e. Lee. 2009; dogham 1967; Featherman and Pavlou, 2003), the
paper measures perceived risk as a multidimensmoradtruct alike. In the paper, three key facets of
perceived risk of mobile payment are investigatauich are financial, psychological and privacy risk
Their definitions are available as follows:

Financial risk: The possible loss unreasonablenfired loss caused by transaction in mobile seryices
i.e. extravagantly pricing, maliciously chargingaf and Zhang, 2009).

Privacy risk: The possible loss caused by privatermation of consumer individuals exposed in
mobile services (Yang and Zhang, 2009).

Psychological risk: The possibility that consumbear mental stress of the technology use (Lim,
2003).

2.3 Perceived benefit

“Consumers do not ask for technologies, rather ek products with specific benefits” (Bruhn,
2007, p. 555). In other words, consumers make ky ecision not for the purpose of taking risk
itself, but for obtaining gains or benefits. Us¢end to overcome difficulties in using new an
information technology if the benefits of usage smbstantive (Porter and Donthu, 2006). In a study
on Internet banking, Lee (2009) noted that theeevarious benefits of using the technology, such as
financial benefits, faster transaction speed, antkased information transparency. Lee (2009) kwor
further found that perceived benefit has a sigaificinfluence on intention to use while the infloen

is even stronger than that of attitude. The workolBkis and Uusitalo (2002) suggested that
perception of shopping benefits should be consitlesaen evaluating how consumers choose
physical and electronic stores. Melenhorst et2001) interpreted the acceptance of communication
technologies in terms of cost-benefit analysis, fmohd that users weigh the individually perceived
benefits and costs to decide their adoption otelknology. In a similar way, perceived benefitgeha
been widely utilized as a direct determinant otipalar IS adoption (Lacovou et al., 1995; Lee, 200
Siegrist. 2000). Therefore, perceived benefit uded as an important construct of the framework
proposed, which is defined as the overall bentfis an individual perceives of adopting a partcul
IT (Kim and Olfman, 2011). Based on the above dismn, the following hypothesis is made:



H2: Perceived benefit positively relates to intentionise.

2.4 Perceived value

It is apparent that consumers sacrifice monetarg (price) or non-monetary resources (i.e. time,
energy and effort) in order to obtain the utilitygyoducts or services (Monroe and Chapman, 1987;
Zeithaml, 1988). Hence, it comes naturally thatstoners evaluate the tradeoff between the benefits
received and sacrifices given to decide the detitsabf a particular decision or action (c.f. M,
1979; Monroe and Chapman, 1987; Zeithaml, 1988)hirconcern, marketing researchers proposed
a concept of perceived value to measure this tfa@stonroe, 1979; Monroe and Chapman, 1987;
Zeithaml, 1988). For instance, Zeithaml (1988, p) feferred to perceived value as “consumers’
overall assessment of the utility of a product dase perceptions of what is received and what is
given” (Zeithaml, 1988, p. 14). As early as 198@searchers have identified that a high perceived
benefit tends to lead to a high perceived valudenaihigh perceived sacrifice in contrast tends to
reduce the perceived value (i.e. Monroe, 1979; Merand Chapman, 1987; Zeithaml, 1988). Another
stream of evidences can be obtained from cost-lieaefl risk-benefit analysis literature, which
broadly adopts cost-benefit ratio and risk-bengfito to evaluate the overall value or desirabibfy
adopting a particular system or decision (i.e. Basshd Stremel, 1981; Harford, 2006; Horton et al.,
2011). Hence, based on the above discussionpiibjsosed that:

H3: Perceived benefit positively relates to perceivale.

In order for people to adopt a particular IT innidea, like mobile payment, people have to share the
control of monetary resources to the system anesinan ‘unpredictable’ amount of both mental and
physical efforts in order to learn to use the systBerceived risk therefore can also be viewedhas t
subjective expectation of a loss or sacrifice (Svegeet al., 1999). From a perspective of risk-bénef
analysis literature, a high risk is negatively teth to the overall desirability of the decision
investigated. Sweeney et al. (1999) investigatetswmer behavior in a retail environment, and found
that perceived value is a mediator between perdeaiig& and willingness to buy. Perceived risk has a
negative impact on consumers’ perceived value (8aeet al., 1999). Hence, it is hypothesized that:

H4: Perceived risk negatively relates to perceivedeal

Consistent with prior studies (i.e. Sweeney et1899; Turel et al., 2007; Kim and Oh, 2011), it is
expected that perceived value is a significant ipted of intention to use. Therefore, the following
hypothesis is included into the framework as well.

H5: Perceived value positively related to intentiomise.

The proposed framework is graphically presentddjire 1.

Perceived ris
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Figure 1. The Unified Risk-Benefit Analysis Framewaf IT acceptance



2.5 Applicability of the framework

Many IS researchers argued that the predictive pafe particular theory or a construct may be
constrained in relevance to specific IT categdoeisg measured. For instance, van der Heijden (2004
indicated that the predictive power of perceivecfuless is restricted to measure utilitarian
information systems, while perceived enjoyment isbetter predictor in the case of hedonic
information systems. In a similar manner, Liu et (@010) conducted research on mobile learning
acceptance, and noted that perceived long-termulngsfs contributes to a more influential predictor
of educational information systems acceptance. hwe similar arguments can be found in a large
number of prior studies (i.e. Sun and Zhang, 20@8hagen, et al., 2009; Wen et al. 2011). Therefore
it is necessary to discuss the applicability of pheposed framework in relevant to the perceivel ri
theory.

As the framework is grounded on perceived risk thetie applicability of perceived risk theory also
affects the applicability of the framework propos@d mentioned above, individuals face risk under
the condition that their decision or action is likéo cause essential economic and social los§ (c.
Zinkhan and Karande, 1991); while “less complexiaibns or routine choice situations are more
likely to lead to simpler processes or even to ignask issues altogether” (Mitchell, 1999; Payne,
1973; Wright 1975; cited from: Conchar, 2004, p4¥Hence, the framework should be especially
good to be applied to study commerce-related I'Bwations. Indeed, perceived risk theory appears to
be one of the most widely applied theories of comsubehaviour research in for instance e-commerce
area, as noted before.

3 Research methodology

3.1 Sample and measurement

In order to validate the research model, an orjinestionnaire survey was conducted in a profeskiona
online survey websiteh{tp://www.sojump.com The site has over 2.6 million registered members
who are willing to take part in the survey thatytlaee interested in. Hence, our samples are cellect
from users who are familiar with Internet. All thiems for measuring the latent variables were
derived from prior studies. Measurement for finahdisk is from the work of Featherman and Pavlou
(2003) and Hassan et al. (2006) while measurenmenpdychological risk is built upon Featherman
and Pavlou (2003), Hassan et al. (2006) and Stbak €993). Items for measuring privacy risk are
derived from the study of Featherman and PavioWD3ptand Miyazaki and Fernandez (2001).
Perceived benefit is measured based on the iteons thhe works of Davis (1989), Kim et al. (2010)
and taylor et al. (1995) while perceived value sasured using the scales from the work of Wood et
al. (1996). A seven-point Likert-scale ranging fratnongly disagree (1) to strongly agree (7) was
used to measure each item. All the samples (33bnsgs) are found to be validated and therefore
retained for model evaluation. The sample consi$td494 males and 143 females. Majority of
respondents are between 25-35 years old with amadetween 1000-4999 RMB.

As the perceived risk is measured as a second dodmative factor, SmartPLS 2.0 is utilized to
validate the research model. Considering the adgast of the repeated indicator approach and the
two-step approach in modeling higher-order constfsee. Ciavolino and Nitti, 2010), the study first
analyzed the measurement properties of all thetwgis and sub-constructs of the instrument using
repeated indicator approach; then the factor sarésst-order constructs are applied as indicaifor

the second-order construct for the purpose of hgsss testing (c.f. Wang and Benbasat, 2005;
Vance et al., 2008).



Table 1. Reliability and convergent validity sttts (all the factor loadings are significant aD01

levels)

Construct (no. of item o Composite reliabilit Minimal. factor loadin AVE
Financial risk (4 0.92¢ 0.947 0.901 0.81¢
Psychological risk (: 0.93¢ 0.95¢ 0.92¢ 0.88¢
Privacy risk (4) 0.952 0.965 0.916 0.874
Perceived benefit (4) 0.946 0.961 0.902 0.861
Perceived value (. 0.927 0.94¢ 0.88¢ 0.82(
Intention to use (: 0.95¢ 0.971 0.95] 0.91%

Table 2. Discriminant validity (The bold diagonak&ahe square roots of the AVEs of the individual
constructs; off diagonal values are the correlatidretween constructs)

Construct FR PSR PRR PB PV INT
Financial risk (FR 0.90¢

Psychological risk (PSI 0.611 0.94(

Privacy risk (PRF 0.77i 0.64: 0.93¢

Perceived benefit (P! 0.17( 0.0z1 0.20¢€ 0.861

Perceived value (P -0.11¢ -0.11¢ -0.08: 0.501 0.90¢

Intention to use (INT) -0.257 -0.208 -0.213 0.394 593 0.957

As shown in Table 1, all the factor loading valaes above the threshold of 0.7 while the Cronbach’s
alpha values are all over the 0.9. The compositgbitity values (CR) and average extracted var@ganc
(AVE) of all the constructs satisfy the recommentiaetl of .8 and .5 respectively, thereby indicgtin
good internal consistency. As shown in Table 2,dtpgare roots of AVE of all constructs are greater
than the correlation estimate with the other camsst This reveals that each construct is moresblos
related to its own measures than to those of atbastructs, and discriminant validity is therefore
supported. Harmon’s one-factor test is appliedest tommon method bias in the study (Podsakoff
and Organ, 1986). No factor is found to accountHiermajority of the covariance in the variables. |
addition, a low correlation is found between vaeabsuch as perceived value and perceived privacy
risk, suggesting that data does not suffer fromrnommethod bias.

3.2 Results

The results of model validation are graphicallysgerged, as shown in Figure 2. Against expectations,
only financial risk, as a first order reflectivenstruct, is found to significantly load on percelwésk
(loading = 0.792, p-value < 0.01). The research ehasl well supported as all the hypotheses are
found to be validated. Specifically, perceived nsgatively relates to perceived valfle=(-0.197, p-
value < 0.001) and intention to uge=<-0.228, p-value < 0.001). As a product of paredibenefit [§

= 0.532, p-value < 0.001), perceived value is fotmdignificantly influence intention to use alilgg

= 0.47, p-value < 0.001). Further, perceived bernefiound to be a significant antecedent of iritent

to use as well{( = 0.185, p-value < 0.001). The model is found riterpret 29.5 percent of the
variance of perceived value, 41.2 percent of ifbdento use.
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Figure 2. Results

4 Discussion and conclusion

Based on the perceived risk theory and risk-beragfdlysis literature, the study contributes to IS
literature by introducing a unified risk-benefit adysis framework to interpret commerce-related
information technology acceptance. Specificallye framework takes consumers’ both positive and
negative perceptions on technology use into accowtiich further helps to understand how
consumers evaluate the overall desirability of gidgpa particular technology. While major adoption
models (i.e. TAM) only take the beneficial sidesusing an IT into account, the proposed framework,
grounded by perceived risk theory, helps to prowadmore complete view by taking the negative
effects of IT use into account as well. Note thed, a parsimonious framework, the model also
contributes to a useful basis for extension, suwcheluding more risk and benefit facets into actou
by measuring perceived risk and benefit as a seooter variable or as a mediator. Further, whilst
various prior studies suggest a direct impact otgiged risk and perceived benefits on technology
adoption (Dardis and Stremel, 1981; Harford, 20@@érton et al., 2011; Wu and Wang, 2005; Lu et al.,
2005), the model also suggests an indirect impadtiated by perceived value. Moreover, the model
is applied to interpret the adoption of an emerdingnovation—mobile payment. All the hypotheses
are found to be well supported; this not only citwties to a living instance underpinning the vaidi
of our model, but also helps enrich our understasndn mobile payment acceptance in particular. The
results also show that perceived risks and beraf@significant determinants of consumers’ adoptio
of mobile payment.

Specifically, the results indicated that the peredifinancial risk is now the most important sogroé
risks that affect mobile payment adoption. Peratprvacy and psychological risks don't contributes
to overall perceived risk. For practitioners, thelings suggest that it is important to reducertble
associated with finance security while Chinese soress seem to not consider much on privacy and
psychology issue in formulating their adoption imiens. On the other hand, if consumers are aware
of the benefits of using the mobile payment, itnigre possible for them to have a positive evalumatio
on the value of technology use, and therefore malieng to use the technology. Consistent with
expectations, consumers are found to consider thwhpositive (perceived benefit) and negative
(perceived risk) sides of using mobile payment awdluate the overall value or desirability of
technology acceptance. For practitioners, the te$otlicated that mobile payment service providers
should alleviate consumers’ perceived risk whileince users with various possible benefits of
using the new payment approach in facilitation &dst adoption of the technology among consumers.
Further, even if current use of mobile payment somewhat risky activity, it is possible that some



consumers are still willing to adopt the technolofiyhey can witness enough benefits of technology
use.

5 Limitations and future research

The research is based on studying Chinese usersaufieence should be cautious with the
generalization of results with consumers from défe cultural background. Also, the research did no
include the actual use of the technology into antatican be another limitation of the presentgiu
but also a possible avenue for future research.f@ure research will include more risk and benefit
facets measured in the survey into the construttsark to explore how these facets affect the mobil
payment acceptance.

Acknowledgement

This work was supported by Natural Science Foundatf Shandong Province (N0.ZR2011GQ010),
Scientific  Technology Development Program of Shagdo Province (Soft Science)
N0.2011RKGA2021, N0.2011RKGA2022), and Science d@edhnology Program of Ministry of
Housing and Urban-Rural Development of China (N&@R&3-13).

References

Bauer, R. A. (1960). Consumer behavior as riskragkin R. S. hancock (Ed.), Dynamic marketing
for a changing world. American Marketing Associati€hicago, lllinois, 389-398.

Bouwman, H., Bejar, A. and Nikou, S. (2012). Mobdervices put in context: A Q-sort analysis,
Telematics and informatics, 29 (1), pp. 66-81.

Bruhn, C.M. (2007). Enhancing consumer acceptariceew processing technologies, Innovative
Food Science and Emerging Technologies, 8 (4),35-

Campbell, H.F. and Brown, R.P.C. (2005). A multiplecount framework for cost-benefit analysis.
Evaluation and Program Planning, 28 (1), 23-32.

Chang, M.K. Cheung, W. and Lai, V.S. (2005). Litara derived reference models for the adoption
of online shopping, Information & Management, 42, G43-559.

Cunningham, S. (1967). The major dimensions of gyeed risk. In: D. Cox (Ed.), Risk Taking and
Information Handling in Consumer Behavior. Harvahdgiversity Press, Cambridge, MA.

Conchar, M.P. Zinkhan, G.M. Peters, C. Olavarri&a,(2004). An integrated framework for the
conceptualization of consumers’ perceived risk pssing. Journal of the Academy of Marketing
Science, 32 (4), 418-436.

Dardis, R. Stremel, J. (1981). Risk-benefit analgsid the determination of acceptable risk. Advence
in Consumer Research, 8 (1), 553-558.

Dardis, R. Davenport, G. Kurin, J. Marr, J. (198B)sk-benefit analysis and the determination of
acceptable risk. Journal of Consumer Affairs, 17 88—56.

Davis, F. D. (1989). Perceived usefulness, perdedase of use, and user acceptance of information
technology. MIS Quarterly, 13 (3), 319-340.

Dholakia, R.R. and Uusitalo, O. (2002). Switchigelectronic stores: consumer characteristics and
the perception of shopping benefits. Internatiok@irnal of Retail & Distribution Management,
30(10), 459-469.

Featherman, M. Pavlou, P.A. (2003). Predicting reises adoption: A perceived risk facets
perspective. International Journal of Human-Comp8tadies, 59 (4), 451-474.

Forsythe, S.M. and Shi, B. (2003). Consumer patgerand risk perceptions in Internet shopping.
Journal of Business research, 56 (11), 867-875.

Harford, J.D. (2006). Congestion, pollution, anddfé-to-cost ratios of US public transit systems,
Transportation Research Part D: Transport and Bnwient, 11 (1), 45-58.



Hassan, A.M. Kunz, M.B. Pearson, A.W. Mohamed, R2006). Conceptualzation and measurement
of perceived risk in online shopping. Marketing Mgement Journal, 16 (1), 138-147.

Horton, S. Wesley, A. and Mannar, M.G.V. (2011) uble-fortified salt reduces anemia, benefit-cost
ratio is modestly favourable. Food Policy, 36 &51-587.

iResearch, (2011). iResearch China Mobile Paymarse&ch 2011, accessed on January 6, 2012
from: http://www.iresearch.com.cn/Report/1643.h{mIChinese).

Kahneman, D. and Tversky, A. (1979). Prospect Thedn Analysis of Decision under Risk.
Econometrica, 47 (2), 263-291.

Kaplan, L.B. Szybille, G.J. and Jacoby, J. (192Hmponents of perceived risk in product purchase:
A cross-validation. Journal of Applied psycholog9, (3), 287-291.

Kim, C. Mirusmonov, M. Lee, I. (2010). An empiricakamination of factors influencing the intention
to use mobile payment. Computers in Human Beha2i®«3), 310-322.

Kim, B. and Oh, J. (2011). The difference of defeants of acceptance and continuance of mobile
data serves: A value perspective. Expert SystertisAyiplications, 38 (3), 1798-1804.

Kim, D. and Olfman, L. (2011). Determinants of corgie web services adoption: A survey of
companies in Korea, Communications of the Assamidfior Information Systems, 29 (1), 1-24.

Lacovou, C.L. Benbasat, I. And Dexter, A. S. (199FJectronic data interchange and small
organizations: Adoption and impact of technologyShMuarterly, 19 (4), 465-485.

Lee, M-C. (2009). Factors influencing the adoptafrinternet banking: An integration of TAM and
TPB with perceived risk and perceived benefit. Etatic Commerce Research and Applications, 8
(3), 130-141.

Lim, N. (2003). Consumers’ perceived risk: soureessus consequences. Electronic Commerce
Research and Applications, 2 (3), 216-228.

Liu, Y. Li, H. and Carlsson, C. (2010). Factorsvidrg the adoption of m-learning: An empirical study
Computers & Education, 55 (3), 1211-1219.

Lu, H-P. Hsu, C-L. and Hsu, H-Y. (2005). An empétictudy of the effect of perceived risk upon
intention to use online applications. Informatioramagement & Computer Security. 13 (2), 106-
120.

Melenhorst, A. S., Rogers, W. A., & Caylor, E. 2001). The use of communication technologies by
older adults: exploring the benefits from the usegperspective. In Proceedings of the human
factors and ergonomics society 45th annual meeBagta Monica.

Mitchell, V-W. (1999). Consumer perceived risk: ceptualizations and models. European Journal of
Marketing, 33 (1/2), 163-195.

Monroe, K.B. (1979). Pricing: Making Profitable Dgions, McGraw-Hill Book Co.

Monroe, K.B. and Chapman, J.D. (1987). Framing &fen Buyers' Subjective Product Evaluations.
Advances in Consumer Research, 14 (1), 193-197.

Pavlou, P.A. (2003). Consumer acceptance of elgictmmmerce: integrating trust and risk with the
technology acceptance model. International Jowh&lectronic Commerce, 7 (3), 101-134.

Podsakoff, P.M. and Organ, D.W. (1986). Self-RepnriOrganizational Research: Problems and
Prospect. Journal of Management, (12) 4, 531-544.

Porter, C.E. and Donthu, N. (2006). Using the tetbgy acceptance model to explain how attitudes
determine Internet usage: The role of perceivedsxbarriers and demographics, 59 (9), 999-1007.

Roselius, T. (1971). Consumer rankings of risk otidm methods. The Journal of Marketing, 35 (1),
56-61.

Rashid, M.M. and Hayes, D.F. (2011). Needs-basedersge prioritization: Alternative to
conventional cost-benefit analysis. Journal of Emvinental Management, 92 (10), 2427-2440.

Ross, |. (1975). Perceived risk and consumer behaviA critical review. Advances in Consumer
Research, 2 (1), 1-19.

Siegrist, M. (2000). The influence of trust andgegtions of risks and benefits on the acceptance of
Gene technology. Risk Analysis, 20 (2), 195-203.

Stone, R. N., Gronhaug, K. (1993). Perceived ffiskher considerations for the marketing discipline
European Journal of Marketing, 27 (3), 39-50.



Sweeney et al. (1999). The role of perceived niskhe quality-value relationship: A study in a feta
environment. Journal of retailing, 75 (1), 77-105.

Sun, H. and Zhang, P. (2006). Causal relationsbipvden perceived enjoyment and perceived ease of
use: An alternative approach, Journal of Assoaiatibinformation Systems, 7 (9), 618-645.

Tan, M. and Teo, T.S.H. (2000). Factor influencthg adoption of internet banking. Journal of
Association of Information Systems, 1 (1), 1-44.

Taylor, S. Todd, P.A. (1995). Understanding infotiora technology usage: a test of competing
models. Information Systems Research, 6 (2), 1B4-17

Teo, T.S.H. and Liu, J. (2007). Consumer trust-commerce in the United States, Singapore and
China, Omega, 35, 22-38.

Turel, O. Serenko, A. Bontis, N. (2007). User atappe of wireless short messaging services:
Deconstructing perceived value. Information & Maeagnt, 44 (1), 63-73.

Vance, A., Elie-Dit-Cosaque, C., and Straub, DO@O0 Examining Trust in Information Technology
Artifacts: The Effects of System Quality and Cu#tuiournal of Management Information Systems
24 (4), 73-100.

Verhagen, T. Feldberg, F. van den Hooff, B. MeeBtg2009). Understanding virtual world usage: A
multipurpose model and empirical testing, ECIS 2Qier 98.

Wang, W., and Benbasat, . (2005). Trust in ang#do of online recommendation agents, Journal of
the Association for Information Systems, 6 (3),112-.

Wen,C. Prybutock, V.R. Xu, C. (2011). An integrateddel for customer online repurchase intention,
Journal of Computer Information Systems, 52 (1}234

Wood, C.M. Scheer, L.K. (1996). Incorporating péred risk into models of consumer deal
assessment and purchase intent. Advances in Confesearch, 23 (1), 309-404.

Wu, J-H. and Wang, S-C. (2005). What drives mobdenmerce? An empirical evaluation of the
revised technology acceptance model. Informatiddaagement, 42 (5), 719-729.

Yang, Y. and Zhang, J. (2009). Discussion on teedisions of consumers’ perceived risk in mobile
service, Eighth International Conference on MoBilesiness, Dalian. China.

Zeithaml, V.A. (1988). Consumer Perceptions of ®riQuality, and Value: A Means-End Model and
Synthesis of Evidence. Journal of Marketing, 52y{(J2-22.

Zinkhan, G.M. and Karandde, K.W. (1991). Culturatiagender differences in risk-taking behavior
among American and Spanish decision-makers, Joafr&bcial Psychology, 131 (5), 741-742.



	Association for Information Systems
	AIS Electronic Library (AISeL)
	2012

	A UNIFIED RISK-BENEFIT ANALYSIS FRAMEWORK FOR INVESTIGATING MOBILE PAYMENT ADOPTION
	Yong Liu
	Yongqing Yang
	Hongxiu Li
	Recommended Citation


	

